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Abstract

Artificial intelligence large language model training data usually has the characteristics of large data scale, high data
quality and rich data types. At present, although domestic data resources are rich, high-quality chinese large language
model training data is still scarce, and there is still a certain gap between the quantity and quality of chinese large
language model training data and the world's leading countries. Based on the situation of public data sets and typical
general large language model data sets at home and abroad, this paper deeply studied and compared the relevant
situation of large language model data sets at home and abroad, analyzed the challenges and problems faced by the

development of large language model data sets in China, and puted forward countermeasures and suggestions to enrich

the supply of large language model data sets in artificial intelligence.
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